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Uhendislik uygulamalarnnda amac var olan veriler isiginda sistemin davranisini tespit veya tahmin etmek
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R-square: Girdilerin
ortalamasina olan
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Ornek: Buski HES
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Kavnak: Environment Canada

Ulucak, O., Ayli, E., ANN, and ANFIS Performance Prediction models for Francis type
Turbines, Journal of Thermal Sciences and Technology, 2020
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Ornek: Geometri Optimizasyonu- Yapay Sinir adlar Tasanmi

VAT |
< )
bt
‘ ‘ chimney
radiation /

Siwne collector




Veri-Egitim

o B 5 Girdi
.u._a.- ) CFD/ Chimney Collector Gic
¥ Girdiler Kule Kule Kule Kollektdr Kollektér Meyil
: YUksekligi Girisi  Cikisl capl genisligi  Acisl
| CFD 1 300 20 20 150 6 0 020
: CFD 2 150 20 20 150 6 0 0.06
; CFD 3 250 20 20 150 6 0 0.13
: CFD 4 350 20 20 150 6 0 0.23
| CFD 5 350 20 20 150 6 0 0.24
Chimney : CFD 6 35 15 15 150 6 0 0.1
! H, CFD 7 350 25 25 150 6 0 0.44
i CFD 8 350 35 35 150 6 0 0.43
: CFD 9 350 25 35 100 6 0 0.21
: CFD 10 350 25 35 125 6 0 0.35
i CFD 11 350 25 35 150 6 0 0.53
| CFD 12 350 25 35 175 6 0 0.59
: CFD 13 350 25 35 200 5 0 0.62
| Collector CFD 14 350 25 35 200 4 0 0.42
| CFD 15 350 25 35 200 6 0 0.64
B | el T T D, S kA CFD 16 350 25 35 200 8 0 0.45
R | T L CFD 17 350 25 35 200 10 0 0.30
[H CFD 18 350 25 35 200 6 0 0.56
; = 2 CFD 19 350 25 35 200 6 05  0.43
| Absorber : CFD 20 350 25 35 200 6 05 057
T e 2 e, ae oy s, A IR A Oy B (VYO P S AL > CFD 21 350 25 35 200 6 -1 0.54




Egitim dogrulamasi
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Optimizasyon Metodu

1. Girdi 2. Girdi (Ortalama) 3. Girdi 4, Girdi 5. Girdi 6. Girdi
(Ortalama) (Ortalama) (Ortalama) (Ortalama)
Sabit Sabit Sabit Sabit Sabit
121 x 6
Sabit Sabit Sabit Sabit Sabit maftrix
Sabit Sabit Sabit Sabit Sabit
Sabit Sabit Sabit Sabit Sabit
Sabit Sabit Sabit Sabit Sabit

Pl, Optimum:POWer Maximum (PZ, Ortalama P3, Ortalama I:)4, Ortalama I:)5, Ortalama, P6, Ortalama)
I:)2, Optimum:PO\Ner Maximum (Pl, optimum? PS, Ortalama I:)4, Ortalama PS, Ortalama, P6, Ortalama)
P3, Optimum:POWer Maximum (Pl, optimum? P2, optimum? I:)4, Ortalama I:)5, Ortalama, I:)6, Ortalama)
I:)4, Optimum:PO\Ner Maximum (Pl, optimum? P2, optimum? I:)3, optimum? PS, Ortalama, P6, Ortalama)
I:)5, Optimum:F)C)Wer Maximum (Pl, optimum? P2, optimum? I:)3, optimum? I:)4, optimum, PG, Ortalama)
P6, OptimumzPO\Ner Maximum (Pl, optimum? P2, optimum? P3, optimum? P4, optimum, P6, optimum)
P Optimum:F)oWer Maximum (Pl, optimum? PZ, optimum? P3, optimum? I:)4, optimum, I:)5, optimum, P6, optimum)
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